Application of E-Value Analysis to Gauge Unmeasured Confounding in Real-World Data Studies
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Background

Sensitivity analysis is an essential practice in assessing how robust results
from real-world data (RWD) studies are to potential unmeasured confounding.

Results

« A description of the included studies is provided in Table 1.

* The selected studies described treatment-outcome associations ranging from relative effect estimates of 1.61 to 7.04 and

Figure 1. E-values calculated from RWD studies
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Its performance and utility in supporting the interpretation of observational
studies seeking to draw causal inferences is an area of active research.
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GnRH: Gonadotropin-releasing hormone; TNF: tumor necrosis factor; DMARD; disease modifying anti-rheumatic drugs
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